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ABSTRACT: Plant diseases caused by fungal, bacterial, viral, and pest-related pathogens pose a significant threat to 

agricultural productivity and crop health. Conventional reliance on chemical pesticides has led to adverse environmental 

impacts, including soil degradation, ecological imbalance, and potential health risks to humans and animals. This study 

focuses on the identification of common plant diseases and the evaluation of effective organic solutions for their control 

and prevention. The research involves systematic analysis of disease symptoms, causal agents, and transmission patterns, 

followed by the application of eco-friendly treatment methods. These include neem oil spray, garlic–chili extract, baking 

soda-based fungicides, compost tea, soap-water insect repellents, and cow dung manure. The findings demonstrate that 

these natural remedies are biodegradable, cost-effective, and sustainable alternatives to synthetic chemicals. Additionally, 

they enhance soil fertility, improve plant immunity, and support long-term agricultural resilience. The study highlights 

the practical feasibility of integrating organic disease management practices into modern farming systems, thereby 

promoting sustainable agriculture, safer food production, and environmental conservation. 
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I. INTRODUCTION 

 

Agriculture plays a critical role in ensuring global food security and economic stability; however, plant diseases caused 

by fungi, bacteria, viruses, and pests significantly reduce crop yield and quality. Early and accurate detection of these 

diseases is essential for minimizing losses and improving productivity. Conventional disease management practices 

largely depend on chemical pesticides, which, despite their effectiveness, lead to environmental degradation, soil fertility 

loss, and health risks due to toxic residues in food and water systems [8]. 

 

Recent advancements in Deep Learning and image processing have enabled efficient plant disease detection systems. 

Studies by S. P. Mohanty et al. [1] and K. P. Ferentinos [2] demonstrate the effectiveness of deep learning models in 

accurately identifying plant diseases from leaf images. Earlier work by J. G. A. Barbedo [3] and segmentation-based 

approaches [4] further highlight the importance of digital image analysis in disease classification. Tools such as OpenCV 

[5] and TensorFlow [6], along with datasets like the Plant Village Dataset [7], have accelerated research in this domain. 

 

Despite these advancements, most existing approaches focus primarily on disease detection, with limited emphasis on 

sustainable treatment methods. To address this gap, the present study proposes an integrated approach that combines 

disease identification with organic management solutions such as neem oil, garlic–chili extract, compost tea, and baking-

soda sprays. These eco-friendly alternatives are biodegradable, cost-effective, and enhance soil health and plant 

immunity. The proposed work aims to promote sustainable agriculture by reducing dependency on chemical pesticides 

while ensuring safer and healthier crop production. 

 

In this context, the present study focuses on identifying common plant diseases and providing effective organic solutions 

for their control and prevention. The proposed approach aims to bridge the gap between modern disease detection 

techniques and sustainable agricultural practices by integrating diagnosis with eco-friendly treatment strategies. This 

work contributes to promoting safer food production, reducing dependency on chemical inputs, and supporting the 

development of a sustainable and resilient agricultural system. 
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II. AIM AND OBJECTIVES 

Aim: 

The primary aim of this study is to develop a systematic approach for the identification of common plant diseases and to 

provide effective, eco-friendly organic solutions for their control and prevention, thereby promoting sustainable and 

chemical-free agricultural practices. 

 

Objectives: 

The following objectives are defined: 

▪ Disease Detection: Identify common plant diseases using leaf symptoms and image analysis. 

▪ Data Processing: Preprocess plant images and extract relevant features for accurate classification. 

▪ Model Development: Develop and apply machine learning and Deep Learning models for disease prediction. 

▪ Organic Treatment: Recommend effective eco-friendly solutions such as neem oil and compost-based remedies. 

▪ System Evaluation: Evaluate performance and promote sustainable farming by reducing chemical pesticide use. 

 

III. PROPOSED ARCHITECTURE 

 

The proposed system aims to detect plant leaf diseases using image processing and deep learning techniques. It automates 

disease identification and recommends organic treatments to promote sustainable agriculture. The architecture consists 

of six major modules, each performing a specific role in the detection pipeline. 

 

 
Fig.3.1. Proposed Architecture of Plant Disease with Organic Solution. 

 

1. Data Acquisition Layer 

Images of healthy and diseased plant leaves are collected from public datasets and real-time mobile captures. This ensures 

diversity in data, covering fungal, bacterial, and viral infections for robust model training. 

 

2. Image Preprocessing Layer 

Raw images are refined using resizing, noise removal, color normalization, and contrast enhancement. These steps 

standardize image quality and remove irrelevant backgrounds, improving model accuracy. 
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C) Feature Extraction Layer 

Key visual features such as color, texture, shape, and disease spots are extracted. These features represent the unique 

patterns that help the CNN model distinguish between disease types.  

 

D) Disease Detection and Classification Layer 

A Convolutional Neural Network (CNN) analyzes the extracted features to classify leaves as healthy or diseased. It 

further identifies the disease type—fungal, bacterial, or viral—based on learned patterns. 

 

E) Organic Solution Recommendation 

Once the disease is detected, the system suggests eco-friendly remedies like neem oil, turmeric solution, or bio-fertilizers. 

This promotes sustainable farming and reduces dependency on chemical pesticides. 

 

F) Result Visualization 

 The final output is displayed through a user-friendly interface showing disease name, type, symptoms, and          

recommended treatment. It helps farmers take timely preventive and corrective actions. 

 

IV. METHODOLOGY 

 

The proposed system follows a structured pipeline for automated plant disease detection and organic solution 

recommendation. The methodology consists of six major stages, as illustrated in the system architecture. 

 

Block Diagram: 

 

 
 

Fig.4.1 Block diagram of Plant Disease with Organic Solution. 

 

The proposed system for plant disease detection and organic solution recommendation follows a structured workflow 

comprising six major stages. Each stage is designed to ensure accurate disease identification and sustainable treatment 

mapping. 

 

4.1 Methodology  

4.1.1 Data Collection 

Plant leaf images are collected from publicly available datasets such as the Plant Village Dataset, along with real-time 

images captured using mobile cameras. The dataset includes both healthy and diseased leaves affected by fungal, 

bacterial, and viral infections. This diversity ensures robust model training and improves the generalization capability of 

the system. The collected data is divided into training and testing sets for effective model evaluation. 
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4.1.2 Image Pre-processing 

To enhance image quality and ensure uniformity, preprocessing techniques are applied using OpenCV. These include 

resizing and cropping to standardize image dimensions, noise reduction using filtering methods, normalization of pixel 

values for consistent intensity distribution, and color space conversion (RGB to grayscale or HSV) to improve feature 

representation. This stage removes irrelevant background information and prepares the data for efficient processing. 

 

4.1.3 Feature Extraction 

In this stage, significant visual features such as color variations, texture patterns, shape descriptors, and disease spots are 

extracted from the preprocessed images. These features capture the distinguishing characteristics of plant diseases and 

assist the model in differentiating between healthy and infected leaves. Feature extraction reduces redundancy and 

enhances classification accuracy. 

 

4.1.4 CNN-Based Disease Classification 

A Convolutional Neural Network (CNN) model is implemented using TensorFlow for automated disease detection. The 

CNN learns hierarchical feature representations directly from the input images through multiple layers, including 

convolutional, pooling, and fully connected layers. The trained model classifies the input leaf image into categories such 

as healthy, fungal, bacterial, and viral, and further identifies specific disease types. This stage forms the core decision-

making component of the system. 

 

4.1.5 Organic Solution Mapping 

After disease classification, the system maps the identified disease to appropriate organic treatment methods. 

Recommended solutions include neem oil spray, garlic–ginger extract, turmeric-based solutions, and bio-fertilizers such 

as compost. These eco-friendly remedies help control diseases effectively while maintaining soil health and reducing 

environmental impact. 

 

4.1.6 Result Visualization 

The final output is presented through a user-friendly interface that displays the detected disease name, disease type, 

symptoms, recommended organic treatments, and preventive measures. This enables users, especially farmers, to take 

timely and informed actions for plant disease management and promotes sustainable farming practices. 

 

4.2 System Requirements 

4.2.1 Software Tools: - The proposed system utilizes a combination of web technologies, backend frameworks, and 

machine learning libraries to ensure efficient implementation and user interaction. 

a) Frontend Technologies: - The user interface is developed using HTML, CSS, and JavaScript to provide a responsive 

and user-friendly environment. These technologies enable smooth navigation, intuitive design, and efficient image upload 

functionality for plant disease detection. 

b) Backend Technologies: - The backend is implemented using Python frameworks such as Flask or Streamlit, which 

facilitate seamless integration between the user interface and the machine learning model. The backend handles image 

processing, model inference, and result generation. 

c) Machine Learning Libraries: - The system employs several libraries for model development and image analysis. 

TensorFlow is used for building and training the deep learning model, while OpenCV is utilized for image preprocessing 

and feature extraction. Additionally, Scikit-learn is used for performance evaluation, including accuracy and 

classification metrics. 

d) Dataset: - The model is trained and tested using the Plant Village dataset, a publicly available dataset containing a 

large collection of labeled plant leaf images, including both healthy and diseased samples. This dataset supports robust 

model training and validation. 
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Fig.4.2 Requirement of Plant Disease with Organic Solution. 

 

4.2.2 Hardware Tools 

The system is implemented using standard computing hardware. A laptop or personal computer equipped with a camera 

is used for capturing real-time leaf images and executing the application. The hardware requirements are minimal, making 

the system accessible and cost-effective for practical deployment. 

 

V. FLOWCHART 

 

The overall system architecture for plant disease detection with organic solution recommendation is illustrated in Fig.5.1 

The workflow follows a sequential pipeline integrating data processing, deep learning-based classification, and 

sustainable treatment recommendation. 

 

 
 

Fig.5.1. Flowchart of Plant Disease with Organic Solution. 
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The process begins with a literature survey and problem identification, where existing plant disease detection techniques 

and their limitations are analyzed. This step helps in defining the system objectives and selecting appropriate 

methodologies for implementation. Following this, data collection is performed using plant leaf image datasets, which 

include both healthy and diseased samples affected by fungal, bacterial, and viral infections. 

 

In the next stage, image pre-processing is applied to enhance the quality of input images. Techniques such as resizing 

and noise removal are used to standardize the dataset and eliminate irrelevant variations. Subsequently, feature extraction 

is carried out to capture essential characteristics such as color, texture, and shape, which are critical for identifying disease 

patterns. The processed data is then fed into a Convolutional Neural Network (CNN) model, which is trained to learn 

complex patterns and classify plant diseases accurately. During testing, the system accepts an input leaf image and 

performs disease classification. A decision-making step determines whether the leaf is healthy or diseased. If the leaf is 

identified as healthy, the system directly displays a confirmation result. If the leaf is classified as diseased, the system 

proceeds to disease type identification, categorizing it into fungal, bacterial, or viral infections. Based on the identified 

disease, an organic solution recommendation module suggests appropriate eco-friendly treatments such as neem oil, 

herbal extracts, and compost-based fertilizers. 

 

Finally, the system generates a result display, which includes the detected disease along with the recommended organic 

treatment. This integrated approach ensures not only accurate disease detection but also promotes sustainable farming 

practices by reducing dependency on chemical pesticides. 

 

VI. RESULT AND DISCUSSION 

 

The following results were obtained from the implementation and testing of the Smart Plant Detector and PlantCare 

Dashboard.  

 

     
 

1. Model Performance and Accuracy 

The core of the system relies on a convolutional neural network (CNN) trained to identify various plant diseases. During 

the evaluation phase, the model achieved a high level of precision. 

• Overall Accuracy: The system achieved a 97.4% model accuracy on the test dataset. 

• Detection Speed: Real-time analysis of leaf images was completed in under 2 seconds per scan. 

• Case Identification: In recent testing cycles, the system successfully identified 3 new disease cases out of 12 analyzed 

leaf images, demonstrating its effectiveness in field-like conditions. 

 

2. UI/UX and System Integration 

The integration of the model into the web-based dashboard and mobile-responsive interface provided a seamless user 

experience. 

• Accessibility: The Plant Assistant chatbot successfully handled multilingual queries (e.g., English), allowing users to 

interact with the system via text or voice commands. 

• Visual Feedback: The dashboard provided clear visual indicators for Disease Severity Records and Performance 



© 2026 IJIRCCE | Volume 14, Issue 4, April 2026                                         DOI: 10.15680/IJIRCCE.2026.1404042 

 

IJIRCCE©2026                                                 |     An ISO 9001:2008 Certified Journal   |                                                          3119 

Metrics, ensuring that "System Health" remained stable throughout the operation. 

• Automation: The "Auto-detect on upload" feature in the Smart Plant Detector reduced manual input, making the tool 

practical for farmers with limited technical expertise. 

 

     
 

3. Discussion 

The results indicate that the PlantCare system is a robust solution for modern agriculture. The high accuracy rate suggests 

that deep learning models can effectively replace manual inspection, which is often prone to human error. 

Key Takeaways: 

• Reliability: The consistency between the predicted results and actual plant health status (verified via the "matching 

filename" protocol) confirms the model's reliability. 

• Scalability: The architecture supports a library of over 100 plants, making it scalable for diverse geographical regions. 

Summary Table: System Metrics 

 

Metric Achievement Status 

Model Accuracy 97.4% Excellent 

Response Time < 2 Seconds Optimal 

System Stability Stable Operational 

Language Support Multilingual (English/Hindi) Functional 

   

 

VII. CONCLUSION AND FUTURE SCOPE 

 

The proposed Plant Disease Detection with Organic Solution System presents an effective integration of image processing 

and machine learning techniques for accurate and efficient identification of plant diseases. The system demonstrates the 

capability to analyze leaf images captured through mobile devices and classify disease types while also estimating 

infection characteristics. The implemented model exhibits reliable performance, delivering rapid and accurate predictions 

that support informed decision-making for farmers and agricultural practitioners. 

 

In addition to disease detection, the system incorporates an organic solution recommendation framework, promoting eco-

friendly alternatives to conventional chemical treatments. This approach contributes to sustainable agriculture by 

enhancing soil health, minimizing environmental impact, and ensuring safer crop production. Although the current 

implementation focuses on major leaf diseases, the system establishes a strong foundation for scalable and intelligent 

plant health management. 

 

Overall, this work highlights the potential of technology-driven agricultural solutions and provides a practical, cost-

effective tool for supporting modern farming and home gardening practices. 
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Future Scope 

The proposed system can be further enhanced by incorporating advanced technologies to improve its scalability, 

accuracy, and real-time applicability. Integration of Internet of Things (IoT)-based sensors and automated imaging 

systems can enable continuous monitoring of plant health, eliminating the need for manual image acquisition and 

allowing early disease detection. The development of a dedicated mobile application can significantly improve 

accessibility by providing real-time predictions, treatment recommendations, and crop management notifications to users. 

 

Furthermore, expanding the dataset to include a broader range of plant species and disease conditions will enhance the 

robustness and generalization capability of the model, making it suitable for large-scale agricultural applications. The 

adoption of advanced deep learning architectures, such as optimized Convolutional Neural Networks (CNNs) and 

transformer-based models, can further improve classification accuracy while reducing computational complexity. 

 

Additional enhancements may include the implementation of disease severity estimation techniques to quantify infection 

levels and categorize them into different stages, thereby enabling more precise treatment planning. Incorporating voice-

based assistance and multilingual support can improve usability for farmers with limited technical literacy. Moreover, 

integrating the system with an automated organic spraying mechanism can facilitate direct application of recommended 

treatments, resulting in a fully autonomous and intelligent plant disease management system. These advancements will 

strengthen the system’s potential as a scalable and sustainable solution for modern precision agriculture. 
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